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Abstract 

This study investigates the drivers of green purchase intention and behavior among Generation Z 

by extending the theory of planned behavior (TPB) with digital and psychological determinants. 

Data were collected through a structured survey questionnaire administered via online.  In total, 

523 valid responses were collected. Data analysis was conducted using covariance-based 

structural equation modeling (CB-SEM). The findings indicated that social media usage is 

strongly associated with attitudes and subjective norms, highlighting its central role as a digital 

normative and information source. Perceived consumer efficacy significantly increased perceived 

behavioral control, whereas perceived green values and health consciousness had no effect on 

attitude, revealing a notable value-health asymmetry within this cohort. Attitudes, subjective 

norms, and perceived behavioral control increased green purchase intention, which strongly 

predicted green purchasing behavior. By integrating social media participation and consumer self-

efficacy into the TPB, this study advances theoretical understanding of sustainable consumption 

and provides actionable insights for developing targeted environmental communication and green 

marketing strategies for young consumers. This research extends the TPB by integrating social 

media-related cognitive factors into green consumption research and provides novel evidence 

from Generation Z consumers highlighting the role of digital interactions in shaping sustainable 

food choices.  
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INTRODUCTION 

Global consumption systems are changing fundamentally due to environmental degradation, climate change, food 

insecurity, and health risks (Nekmahmud et al., 2022; Zaiem et al., 2025). Sustainable consumption is thus a strategic 

necessity to reduce environmental impacts and increase economic resilience and public health (Sharma et al., 2023). 

Although consumers are increasingly attracted to green products due to their environmentally conscious production, 

safe ingredients, and sustainable resource use (Martínez-Falcó et al., 2024), the intention behavior gap remains a 

fundamental problem needing explanation (Vu et al., 2022). In particular, the cognitive, social, and psychological 

mechanisms shaping younger generations’ green purchasing decisions need deeper investigation.                  

     Digitalization has decisvely transformed consumer behavior, with social media redefining information 

acquisition, evaluation, and social interaction regarding sustainable products. User reviews, influencer content, online 

communities, and interaction-based advertising powerfully shape perceptions of green products (Sun and Wang, 

2020; Nekmahmud et al., 2022; Xu et al., 2024). Social media usage (SMU) both increases consumers’ access to 

environmental information and shapes green purchase intention through normative processes of social approval, peer 

influence, and eWOM (Pop et al., 2020). However, how social media-based digital interactions translate into green 

purchasing behavior, especially in developing countries, remains insufficiently clarified (Armutcu et al., 2024; 

Nazish et al., 2024). 

     Having grown up in a digital environment, Generation Z individuals largely access information through social 

media, show high sensitivity to sustainability issues, and view ethical consumption as an important part of their 

identity (Djafarova and Foots, 2022). They have significantly higher health awareness and environmental 

consciousness than previous generations (Wendt and Weinrich, 2024). However, their intention–behavior gap is 

particularly pronounced due to practical barriers of time constraints, budget limitations, brand trust, and information 

overload (Orea-Giner and Fusté-Forné, 2023). 

     The Theory of Planned Behavior (TPB) provides a solid theoretical foundation for explaining sustainable 

consumption intentions, with numerous studies confirming that attitudes (ATT), subjective norms (SN), and 

perceived behavioral control (PBC) reliably predicting purchase intention (Paul et al., 2016; Yadav and Pathak, 

2017). However, in the modern digital consumption environment, sustainable purchasing decisions are also shaped 

by additional cognitive and psychological factors, such as social media usage (SMU), perceived green value (PGV), 

health consciousness (HC), and perceived consumer efficacy (PCE). These factors strengthen attitudes toward 

sustainable products, transform perceptions of social pressure, and restructure perceptions of self-efficacy 

(Nekmahmud et al., 2022; Sun et al., 2022; Tewari et al., 2022;). Accordingly, we expand the TPB by also 

systematically examining how social media-based cognitive factors (SMU, PGV, HC, and PCE) influence green 

purchasing intention and behavior among Generation Z individuals. The study is also unique and important because 

few studies have investigated Generation Z. By clarifying the role of digital interactions and individual psychological 

tendencies in sustainable consumption behavior, the study contributes to theoretical development while also 

providing applicable recommendations for environmental communication and green marketing strategies targeting 

young consumers. 
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Literature Review 

The Theory of Planned Behavior (TPB) 

TPB argues that individuals’ intentions to perform specific behaviors are determined by three cognitive 

components: ATT, SN, and PBC (Ajzen, 1991). That is, behaviors are based on benefit-risk assessments, social 

environment expectations, and subjective perceptions of the individual’s capacity to perform the behavior. TPB has 

been used to study various environmentally friendly practices, including green product preferences (Tarkiainen and 

Sundqvist, 2005), green food consumption (Vermeir and Verbeke, 2008), recycling (Armutcu et al., 2023), and low 

carbon consumption and waste reduction (Effendi et al., 2020). The findings consistently confirm that TPB can 

explain sustainable consumption behaviors (Chaudhary and Bisai, 2018; Sun et al., 2022). To explain green 

consumption behavior, however, TPB needs to incorporate additional psychological and digital factors. 

Generational Theory and Generation Z’s Consumption Behavior   

Generational theory argues that the historical events and socio-economic conditions in which individuals grow up 

shape their value systems and behavioral patterns (Ryder, 1985). As the first generation shaped from birth by digital 

technologies, constant online presence, and social media-based interactions, Generation Z individuals born after 2000 

have developed unique consumption dynamics. Instant access to information, social approval mechanisms, and high 

sensitivity to digital communities clearly distinguishes them from previous generations (Djafarova and Foots, 2022). 

Their value systems have also been shaped by global threats like the climate crisis, the COVID-19 pandemic, 

economic uncertainty, and increasing food insecurity (Sakdiyakorn et al., 2021). They are increasingly aware about 

sustainable products due to supply chain issues during the pandemic, stockpiling, and increased online consumption 

(Iranmanesh et al., 2022). However, barriers like price sensitivity, practicality, and product availability constrain 

Generation Z’s sustainable consumption (Orea-Giner and Fusté-Forné, 2023). These characteristics make them a 

unique and critical group for examining sustainable consumption behaviors, while applying TPB is theoretically very 

powerful for explaining how social media use and perceptual factors affect attitudes, norms, and behavioral control.  

Social Media Usage (SMU) and The Theory of Planned Behavior (TPB) 

By reshaping information acquisition and evaluation about sustainable products, SMU critically determines 

consumer behavior. Environmental content, user experiences, and eWOM interactions on social media provide 

structured, reliable information about the benefits, quality, and environmental impacts of green products, thereby 

supporting positive attitudes (Sharma et al., 2023). SMU affects Generation Z particularly strongly because they 

largely access product information, sustainability messages, and peer reviews through social media (Pop et al., 2020; 

Nekmahmud et al., 2022). Furthermore, social media provides a dynamic social comparison environment that makes 

peer behavior, influencer content, and online community sharing constantly observable, thereby strengthening the 

cognitive basis of subjective norms. By making sustainable consumption visible as a socially approved and expected 

behavior, digital interactions directly support SN formation (Sun and Wang, 2020; Pop et al., 2020). In short, SMU 

is a fundamental digital factor shaping attitudinal evaluations and perceptions of social expectations. 

H1: SMU increases Gen Z consumers’ attitudes toward green products. 

H4: SMU increases individuals’ subjective norms. 
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Perceived Green Value (PGV) and Attitudes (ATT) 

PGV reflects how consumers comparatively evaluate a product’s costs versus its environmental, performance, 

and ethical advantages (Nguyen-Viet et al., 2024). In green consumption, PGV also includes a comprehensive 

assessment of other benefits like environmental protection, health safety, and long-term sustainability. Higher PGV 

perceptions strengthen consumers’ positive evaluations of environmentally friendly products and position green 

products as value-creating solutions (Zaremohzzabieh et al., 2021). Thanks to their exposure to social media 

environmental content and user experience, Generation Z individuals are more aware of such sustainability values, 

which accelerates the formation of positive attitudes (Pop et al., 2020). In short, PGV is one of the strongest cognitive 

determinants of Generation Z attitudes toward green products. 

H2: Perceived green value increases Gen Z consumers’ positive attitudes toward green products. 

Health Consciousness (HC) and Attitudes (ATT) 

HC conceptualizes individuals’ motivation to maintain their own physical well-being and sensitivity to health-

related information (Kaur et al., 2024). HC is also related to awareness of how environmental risks affect individual 

well-being (Wendt and Weinrich, 2024). It can thus strongly determine attitudes, thereby supporting healthy living 

and positive evaluation of environmentally safe products (Rana and Paul, 2017). For example, high HC is associated 

with positive evaluation of the long-term benefits of products with safer ingredients content and natural production 

processes, which then increases positive attitudes toward green products (Konuk, 2018). Given their high sensitivity 

to health and sustainability, Generation Z individuals show a strong relationship between HC and ATT (Cayaban et 

al., 2023).  

H3: Health consciousness increases Gen Z consumers’ attitudes towards green products. 

Perceived Consumer Efficacy (PCE) and Perceived Behavioral Control (PBC) 

PCE conceptualizes individual’s subjective perceptions of their ability, through their own actions, to make a 

meaningful difference regarding environmental issues. It is a key cognitive determinant of sustainable consumption 

behaviors (Vermeir and Verbeke, 2008). Individuals with higher PCE believe more strongly that choosing green 

products can have real environmental benefits, which in turn increases PBC (Niedermeier et al., 2021). That is, PCE 

forms the cognitive basis of PBC by strengthening individuals’ assessments of their ability to access resources, 

sustain actions, and overcome barriers (Ajzen, 1991). PCE enables consumers to see purchasing environmentally 

friendly products as accessible, manageable, and feasible behavior, making it one of the strongest predictors of PBC 

(Sun and Wang, 2020).  

H5: Perceived consumer efficacy increases perceived behavioral control. 

Attitudes (ATT) and Green Purchase Intention (GPI) 

Purchase intention is the most important aspect of consumer behavior. ATT conceptualizes individuals’ positive 

or negative evaluations of behavior. It is one of the strongest determinants of behavioral intention in TPB (Ajzen, 

1991). Regarding green consumption, ATT reflects the cognitive evaluations of a product’s environmental, health, 

and ethical value. Positive attitudes systematically strengthen GPI (Chaudhary and Bisai, 2018), particularly among 

young consumers who value sustainability. GPI increases if green products are perceived by Generation Z consumers 



Boz, N.                                                                                JOTAGS, 2026, 14(2) 

1693 

as safer, healthier, and more environmentally responsible (Wang et al., 2018). Drawing on TPB, we therefore predict 

that attitudes influence intention via evaluations shaped by SMU, PGV, and HC.  

H6: Attitudes increase green purchase intention. 

Subjective norms (SN) and Green Purchase Intention (GPI) 

SN shapes individuals’ decisions to perform a behavior in line with the perceived expectations of important 

reference groups (Ajzen, 1991). Regarding green consumption, SN powerfully directs behavioral intention by 

reflecting the attitudes of family, friends, peer groups, and online communities regarding correct behaviors (Fishbein 

and Ajzen, 2011). Digitalization has made social media one of the most effective sources of norm formation, with 

peer sharing, influencer content, and eWOM interactions significantly shaping perceptions of social expectations 

regarding sustainable consumption (Pop et al., 2020; Zafar et al., 2021). Among Generation Z particularly, these 

digital normative cues make social pressures to prefer green products more visible, thereby motivating social 

conformity (Sun and Wang, 2020). Accordingly, social influence and peer guidance consistently increase GPI (Chen 

and Tung, 2014; Wang et al., 2022). In short, SN strongly influences intentions through the normative expectations 

made visible by SMU. Individuals who perceive a strong tendency for sustainable consumption in their social 

environment are more likely to indend to do so themselves. 

H7: Subjective norms increase green purchase intention. 

Perceived Behavioral Control (PBC) and Green Purchase Intention (GPI) 

PBC conceptualizes individuals’ capacity to perform behaviors (Ajzen, 1991). Reflecting beliefs about control, 

such as information access, cost, time, product availability, and personal competence, PBC directly shapes the 

likelihood of performing the behavior (Fishbein and Ajzen, 2011). Regarding green consumption, PBC is one of the 

strongest predictors of GPI (Paul et al., 2016; Tewari et al., 2022). PBC is weakened by high product prices, limited 

accessibility, or information uncertainty and strengthened by reliable information, perceived affordability, and 

accessibility (Barbarossa and De Pelsmacker, 2016). As the key cognitive precursor of PBC, PCE here represents an 

individual’s belief that they can contribute meaningfully to environmental protection. Individuals with high PCE 

perceive their behavior as effective and controllable, which strengthens PBC and increases GPI (Yadav and Pathak, 

2017). This is especially so for Generation Z, given their rapid access to digital information. 

H8: Perceived behavioral control increases green purchase intention. 

Green Purchase Intention (GPI) and Green Purchase Behavior (GPB) 

GPI conceptualizes a conscious plan and willingness to purchase environmentally friendly products (Sharma et 

al., 2025). TPB considers intention as the closest and strongest cognitive predictor of behavior; therefore, it is critical 

for understanding GPB (Joshi and Rahman, 2019). Indeed, GPI consistently explains GPB across various cultural 

and product contexts (Wang et al., 2024). Having a strong intention regarding environmental benefits, health, and 

ethical values significantly increases the likelihood of GPB. Although the intention–behavior gap exists (Eberle et 

al., 2022), and external factors like price, accessibility, and information issues can weaken the transition to behavior, 

many studies have confirmed that intentions strongly determine behavior (Aitken et al., 2020). In digitalized 

consumption environments, social media helps convert intention into behavior by increasing product information and 
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social influence signals (Voramontri and Klieb, 2019), making GPI a key psychological factor explaining GPB. 

H9: Green purchase intention increases green purchase behavior. 

Methodology 

Questionnaire Development 

     SMU, PGV, PCE, HC, ATT, SN and PBC, GPI, and GPB were measured with four items each (except GPB 

with three) adapted, respectively, from Nekmahmud et al. (2022), Sun and Xing (2022), Sun and Wang (2020), 

Tarkiainen and Sundqvist (2005), Yanyan et al., (2023), Qi and Ploeger (2019), Nekmahmud et al. (2022), and 

Chaudhary and Bisai (2018). All constructs were assessed on a 7-point Likert scale (1=strongly disagree, 7=strongly 

agree). The questionnaire was adapted into Turkish using standard forward–backward translation. A bilingual 

academic conducted forward translation, while three tourism academics conducted back-translation to ensure 

semantic and conceptual equivalence. Finally, two gastronomy experts and one tourism academic reviewed the items 

for linguistic accuracy and contextual relevance. Necessary revisions were made in line with established guidelines 

for cross-cultural adaptation (Beaton et al., 2000). 

Sample Identification and Data Collection 

     Generation Z individuals born in Türkiye since 2000 were sampled by purposive and convenience sampling. 

This study was conducted in accordance with ethical standards.      Ethical approval for the research was obtained 

from the Social and Human Sciences Scientific Research Ethics Committee of Alanya Alaaddin Keykubat University 

(Decision No: 2025/10, Date: 12 November 2025). Data were collected via an online survey form between November 

13 and 20, 2025, yielding a total of 523 valid responses. Participation was voluntary, no personal data was requested, 

and participants were informed that they could withdraw from the study at any time. Sample adequacy was tested 

using G*Power v3.1.9.7, which determined that at least 160 participants were needed to detect a medium effect size 

(f²=0.15) at 80% power and a 5% significance level (Faul et al., 2007). Sekaran (2003) suggests including at least 

384 participants for a 95% confidence level, while the structural equation modelling (SEM) literature recommends 

at least five participants per indicator (Hair et al., 2017). Sample size of 523 participants more than met these 

methodological requirements for testing the research model reliably. Figure 1 presents the research model, including 

nine hypotheses testing direct effects. Figure 1 presents the research model, including nine hypotheses testing direct 

effects. 

 

Figure 1. Research Model 
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Data Analysis 

Data analysis was conducted using covariance-based structural equation modeling (CB-SEM). Confirmatory 

factor analysis (CFA) and structural equation modeling (SEM) were employed using the maximum likelihood (ML) 

estimation method to test both the measurement and structural models. The CB-SEM approach was considered 

appropriate for examining the hypothesized relationships among latent constructs and evaluating overall model fit. 

Demographically, the majority of participants were female (67.7%), while most were in the 18-20 (53%) and 21-23 

(40.7%) age groups. Participants predominantly reported SMU times of 5 hours (31%), over 4 hours (26.2%), or 3-4 

hours (28.1%). Finally, most participants (82.6%) reported purchasing green food products in the past year. 

Results  

Measurement Model Assessment 

Mean values indicated moderate to high levels for all constructs. All skewness and kurtosis values fell within the 

±1.5 range, indicating that the data was normally distributed (Tabachnick and Fidell, 2015), making it suitable for 

multivariate analyses. To test the validity of the measurement model, first-order multiple CFA was performed. CFA 

is recommended for testing measurement models that reveal the qualities (validity and reliability) of scales consisting 

of latent variables observed in the literature (Jöreskog and Sörbom, 1993; Kline, 2016). Data must be normally 

distributed (Bacon, 1997; Ding et al., 1995) while the sample size should be at least 400 (Schermelleh-Engel et al., 

2003). Maximum likelihood was used given its preference in the field. Finally, the standardized factor loading of the 

first proposition for each construct should be fixed at one (Byrne, 2016). 

To ensure the construct validity of the study variables, extreme outliers that violated multicollinearity were 

deleted, starting with the highest Mahalonobis distance. Model fit was improved before examining the standardized 

factor loadings and model fit values of the first-order measurement model created for this purpose. The standardized 

factor loading (SFL=0.19) for the observed variable PBC1 (“Even if I intend to buy green food, it may be 

troublesome.”) fell below the limits in the literature, so it was excluded from the analysis. In the re-run analysis, the 

factors and factor loadings of the remaining observed variables were very close to or above 0.50, so no further items 

were removed. Because model fit was not fully achieved, modifications were made between the error terms e3-e4 

and e24-e25, starting with the highest covariance link. Figure 2 presents th4e final measurement model, which 

exhibited good model fit. 
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Figure 2. Measurement Model Results 

     Figure 2 shows that the first-order multiple CFA model of nine latent variables and 29 observed variables was 

supported by the data. For large-sample models (N>250), it is generally considered sufficient to provide the following 

model fit values (Gürbüz, 2024): χ²/df, comparative fit index (CFI), root mean square error of approximation 

(RMSEA), and standardized root mean square residual (SRMR). All the research model values surpassed the 

thresholds accepted in the literature, thereby indicating acceptable fit (Chi-square test [χ²]=1170.940; degrees of 

freedom [df]=339; p<0.001; χ²/df=3.454; [CFI]=0.915; [RMSEA]=0.069; [SRMR]=0.0610). The scale reliability and 

validity values were quite high, as the criterion of 0.50 and above was adopted for the SFLs included in the 

measurement model. Two variables (SN3=0.49 and SMU1=0.43) had SFLs below 0.50 but were retained because 

they were very close to this value and statistically significant. The measurement model also exhibited good fit. Table 

1 presents the SFLs (β), standard errors (S.E.), critical ratios (C.R.), and p-values for all observed variables.  

Table 1. Confirmatory Factor Analysis Results 

      β S.E. C.R. P 
SMU4 <--- SMU 0.87 

   

SMU3 <--- SMU 0.846 0.055 17.577 *** 
SMU2 <--- SMU 0.51 0.059 11.349 *** 
SMU1 <--- SMU 0.428 0.059 9.36 *** 
PGV3 <--- PGV 0.759 

   

PGV2 <--- PGV 0.836 0.066 18.244 *** 
PGV1 <--- PGV 0.734 0.063 16.185 *** 
PCE4 <--- PCE 0.839 

   

PCE3 <--- PCE 0.783 0.046 19.854 *** 
PCE2 <--- PCE 0.752 0.048 18.833 *** 
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Table 1. Confirmatory Factor Analysis Results 

PCE1 <--- PCE 0.573 0.049 13.415 *** 
HC3 <--- HC 0.761 

   

HC2 <--- HC 0.868 0.06 19.722 *** 
HC1 <--- HC 0.847 0.06 19.357 *** 
SN3 <--- SN 0.491 

   

SN2 <--- SN 0.889 0.153 11.511 *** 
SN1 <--- SN 0.872 0.155 11.463 *** 
ATT1 <--- ATT 0.872 

   

ATT2 <--- ATT 0.88 0.038 27.32 *** 
ATT3 <--- ATT 0.847 0.038 25.456 *** 
GPI1 <--- GPI 0.727 

   

GPI2 <--- GPI 0.814 0.045 25.161 *** 
GPI3 <--- GPI 0.656 0.066 14.593 *** 
GPI4 <--- GPI 0.832 0.067 18.635 *** 
GPB1 <--- GPB 0.869 

   

GPB2 <--- GPB 0.897 0.041 25.395 *** 
GPB3 <--- GPB 0.695 0.049 17.897 *** 
PBC2 <--- PBC 0.831       
PBC3 <--- PBC 0.629 0.07 11.239 *** 
β = Standardized factor loading, S.E. = Standardized Error, C.R. = Critical Ratios ***: Significant at 0.001 level. 

 
The SFL the values of the observed variables for all latent variables were within acceptable limits and statistically 

significant: cronbach alpha (CA), average variance extracted (AVE), composite reliability (CR), average shared 

variance (ASV), and maximum shared variance (MSV) values were calculated to assess the model’s discrimination 

and convergence validity and reliability values (Table 2).  

Table 2. Validity and Reliability Results  

  CA CR AVE MSV ASV GPI SMU PGV PCE HC SN ATT PBC GPB 

GPI 0.851 0.845 0.578 0.846 0.512 0.761                 

SMU 0.778 0.772 0.479 0.219 0.137 0.385 0.692               

PGV 0.818 0.821 0.605 0.554 0.392 0.722 0.468 0.778             

PCE 0.825 0.829 0.553 0.619 0.418 0.775 0.361 0.714 0.743           

HC 0.862 0.866 0.683 0.432 0.321 0.657 0.274 0.509 0.636 0.827         

SN 0.775 0.808 0.597 0.494 0.382 0.703 0.424 0.602 0.649 0.626 0.773       

ATT 0.900 0.900 0.751 0.846 0.470 0.920 0.323 0.744 0.787 0.620 0.698 0.866     

PBC 0.686 0.700 0.543 0.441 0.316 0.664 0.287 0.616 0.615 0.553 0.548 0.607 0.737   

GPB 0.850 0.864 0.681 0.610 0.348 0.781 0.398 0.577 0.527 0.562 0.650 0.629 0.524 0.825 

All CA and CR values exceeded the accepted threshold of 0.70, indicating that strong internal consistency 

reliability (Hair et al., 2017). Regarding convergent validity, AVE values were generally adequate, except for SMU, 

which fell just below the threshold value. However, this difference has only a limited effect (Fornell and Larcker, 

1981). In Regarding discriminant validity, MSV was higher than AVE in GPI, ATT, and PCE, indicating that they 

share a higher common variance compared to each other’s. All constructs met the AVE>ASV condition, indicating 

that the model’s overall discriminant structure was largely acceptable. Following the measurement model assessment, 

SMU4 was removed to ensure model fit because its standardized residual values that highly correlated with other 

observed variables, a relatively low standardized factor loading (SFLs=0.42), and high covariance with other latent 

variables. Figure 3 presents the first-order structural model results. 
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Figure 3. Structural Model Results 

The SEM goodness-of-fit values (χ²=1219.762; sd=333; p<0.001; χ²/sd=3.663; CFI=0.904; IFIs=0.905; 

RMSEA=0.071; SRMR=0.0610) exceeded the accepted thresholds (Kline, 2016; Gürbüz, 2024). Table 4 presents 

the standardized coefficients (β), standard errors (S.E.), critical ratios (C.R.), p-values, R2 values, and hypothesis 

confirmation for the direct effects.  

Table 3. Hypothesis testing results. 

      β S.E. C.R. P R2 Hypothesis 

ATT <--- SMU 0.956 0.41 4.445 *** 0.46 Supported 

ATT <--- PGV 0.028 0.162 0.211 0.833 
 

Not Supported 

ATT <--- HC -0.113 0.12 -1.06 0.289 
 

Not Supported 

PBC <--- PCE 0.678 0.05 12.987 *** 0.802 Supported 

SN <--- SMU 0.778 0.116 7.417 *** 0.606 Supported 

GPI <--- ATT 0.699 0.047 12.149 *** 
 

Supported 

GPI <--- SN 0.162 0.066 3.482 *** 0.847 Supported 

GPI <--- PBC 0.164 0.037 3.889 ***   Supported 

GPB <--- GPI 0.765 0.065 14.72 *** 0.586 Supported 

Note(s): *: Significant at 5% level; **: Significant at 1% level; ***: Significant at 0.1% level  

As Table 3 shows, SMU significantly and positively affected ATT (β=0.956; p<0.01), confirming H1, whereas 

PGV (β=0.028; p=0.833) and HC (β=-0.113; p=0.289) did not (H2 and H3). SMU, PGV, and HC explained 46% of 

the variance in ATT. PCE significantly and positively affected PBC (β=0.678; p<0.01), confirming H4 and 

explaining 80.2% of the variance in PBC, while SMU significantly and positively affected SN (β=0.778; p<0.01), 

confirming H5 and explaining 60.6% of the variance in SN. ATT (β=0.699; p<0.01), SN (β=0.162; p<0.01), and 

PBC (β=0.164; p<0.01) significantly and positively affected GPI, confirming H6, H7, and H8, and together 

explaining 84.7% of the variance in GPI. Finally, GPI significantly affected GPB (β=0.765; p<0.01), explaining 

58.6% of the variance in GPI, confirming H9.  
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Discussion 

This study expanded TPB with social media-based cognitive factors to explain Generation Z’s GPI and GPB in 

Türkiye. The findings are important, theoretically and practically. Together, the basic TPB and extra variables 

enhance the understanding of Generation Z individuals’ GPB. First, SMU significantly strengthened ATT, which 

supports previous findings that social media provides a content ecosystem that guides attitude formation through 

information provision, experience sharing, and digital social approval mechanisms (Pop et al., 2020). Second, SMU 

strongly predicted SN, indicating that Generation Z individuals are highly sensitive to normative signals from peer 

groups, influencers, and online communities, and that social interactions strongly encourage GPB.  

Third, PGV did not predict ATT. This is noteworthy because PGV generally supports positive attitudes (Chen 

and Chang, 2012), although value perceptions among younger generations may be weaker due to price sensitivity 

and product uncertainty (Konuk, 2018). The findings suggest that economic constraints and concerns about brand 

trust prevent Generation Z from strongly reflecting the benefits of green products in their attitudes. Similarly, HC did 

not significantly affect ATT. Although there is strong evidence that HC supports positive attitudes (Rana and Paul, 

2017), young consumers may not always directly translate health consciousness into behavior (Synodinos et al., 

2023). The findings show that economic constraints, expectations of practicality, and fast consumption habits hinder 

Generation Z in consistently directing their health-related awareness towards buying sustainable products. 

Furthermore, the non-significant effects of perceived green values and health consciousness on attitudes may also be 

associated with the current socio-economic conditions in Türkiye. Rising food prices and inflationary pressures may 

shift Generation Z consumers toward more practical and economic concerns rather than value-driven motivations. 

Fourth, PCE significantly increased PBC, which demonstrates, importantly, that individuals’ self-belief in their 

ability to contribute to environmental protection makes sustainable choices seem more feasible. Previous research 

has shown that PCE is a fundamental cognitive precursor to perceived control (Kamalanon et al., 2022). Fifth, the 

core TPB constructs ATT, SN, and PBC significantly predicted GPI, consistent with the literature (Yadav and Pathak, 

2017; Wang et al., 2018). While SN had a weaker effect on GPI than ATT, it was still significant, indicating that 

social pressure helps determine Generation Z behaviors, but individual evaluations are more important. The 

significant effect of PBC confirms that perceived access to resources and action capacity also determines GPI (Paul 

et al., 2016). Finally, GPI signifcantly affected GPB, supporting previous findings that the strongest predictor of 

sustainable consumption is intention despite the intention–behavior gap (Sharma et al., 2025). In summary, social 

media-based cognitive factors play a central role in Generation Z consumers’ sustainable consumption behaviors, 

while traditional TPB constructs have greater explanatory power when combined with digital and psychological 

variables. For Generation Z, sustainable consumption is a multi-layered psychosocial process shaped within digital 

ecosystems. 

Theoretical Implications 

This study contributes three key theoretical insights to the sustainable consumption literature. First, by 

incorporating digital and psychological determinants affecting Generation Z it expands TPB and enhances its 

explanatory power. The findings reveal that SMU, PGV, HC, and PCE significantly determine ATT, SN, and PBC, 

demonstrating that GPI is not predicted only by the original TPB constructs. Thus, the study offers a new 

interpretation of TPB consistent with digitalization and cognitive transformation. Second, the study explicitly 
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confirms that social media-based cognitive processes affect behavioral intention formation. Generation Z’s attitudinal 

and normative structures are strengthened by new information, interaction, and social approval mechanisms within 

social media. The finding deepens current discussions on digital social influence by demonstrating that SMU 

produces norms and constructs values, rather than just providing information. Third, the strong relationship between 

PCE and PBC reveals that an individual’s perceived environmental contribution helps determine their sustainable 

consumption decisions. That is, digitalization is reshaping the cognitive basis of control beliefs in TPB. Meanwhile, 

the strong effects of PGV and HC on ATT show that green consumption is a multi-layered evaluation process 

integrating personal values, health, and ethical sensitivity, not just environmental benefits. This holistic approach 

provides a long-needed integration of digital psychology into the sustainable consumption literature and advances its 

theoretical capacity, particularly in understanding decision-making among Generation Z. 

Practical Implications 

These findings also have important practical implications for policymakers, businesses, and marketing 

professionals seeking to encourage sustainable consumption behaviors. First, SMU strongly affected ATT and SN, 

indicating that sustainability-themed campaigns should be conducted more intensively and strategically on digital 

platforms. Influencer collaborations, user experiences, and eWOM mechanisms can significantly strengthen 

Generation Z’s perceptions of green products, requiring brands to prioritize digital community management. Second, 

PGV was one of the strongest determinants of ATT, indicating that, beyond green labelling, brands need to explain 

their products’ functional performance, quality indicators, long-term benefits, and environmental contribution 

quantitatively. Concrete performance evidence strengthens Generation Z's perception of trust. Third, HC’s effect on 

ATT demonstrates the critical role of health-based messages in sustainable product communication. Therefore, 

businesses should emphasize that eco-friendly products not only have ethical or environmentally benefits but also 

healthier and less risky. Fourth, the strong PCE–PBC relationship shows that consumers engage in behavior to the 

extent that they feel effective. Therefore, policymakers and brands should develop campaigns that increase the 

visibility of individual contributions (e.g., carbon footprint calculators, personal sustainability scores, individual 

contribution reports).  Finally, producers should improve structural elements like product availability, price 

affordability, certification reliability, and online accessibility to reduce barriers to converting intention into action. 

For Generation Z, the easy availability of sustainable products directly strengthens purchasing behavior. 

Limitations and future research  

While this study presents strong results, it also has some limitations. First, the research used cross-sectional data; 

therefore, caution should be exercised when interpreting causal relationships. Future research should use longitudinal 

designs to examine changes in Generation Z’s sustainable consumption behavior over time. Second, the study 

examined Generation Z in Türkiye, which is unique regarding cultural, economic, and digital behavior. Testing the 

findings in different cultural contexts will increase the model’s validity. Finally, the social media ecosystem, 

including algorithms, content visibility, and influencer dynamics, is rapidly changing. Future platform-based analyses 

could explore the impacts of short video content or AI-powered recommendation systems on sustainable 

consumption. 
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